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Abstract 

 Almost all mergers and acquisitions deals were done by private equity firms and strategic 

investors, which are incumbent companies that purchase another company to achieve synergies. 

Private equity firms and strategic investors can be competitors when they are bidding on the 

same target company, but strategic investors can also become potential buyers of private equity 

fund’s portfolio companies. Given their unique relationship, I selected the largest 20 strategic 

investors from 10 sectors and used logistic regression and panel data analysis to answer the 

question: Do mergers and acquisitions (M&A) activities of large-cap corporations in the previous 

year affect private equity firms’ investment decisions on similar companies? The logistic 

regression showed that if the target company has the same SIC code as the companies acquired 

by big-cap corporations in the previous year, this deal has 65.7% lower odds to be PE funded. 

The panel data analysis tells us for every 1% increase in the percentage of companies acquired 

by big-cap companies in a particular sector in the previous year, PE firms would acquire 0.159% 

more companies in that sector. These results jointly showed that if the big-cap companies made 

more acquisitions in a particular sector in the previous year, in the current year, private equity 

firms would acquire fewer similar companies (companies with the same SIC code), but would 

increase their investments in other companies of that sector. This finding can help investors, 

business owners, and stock traders make or adjust their investment decisions. 
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1. Introduction 

 Private equity (PE) firms are crucial players in the investment world. They have grown 

substantially since the 1980s and are currently managing over $6 trillion in the United States 

alone (Morran and Petty 2022). Although the number of PE deals decreased at the beginning of 

the pandemic due to a lack of available finance, the inability to travel, conduct due diligence, and 

negotiate face-to-face (Saenz 2020), PE firms have already picked up speed to invest. In the first 

half of 2022, there were 10,250 private equity deals worldwide with a total of $349.5 billion in 

transaction value, which represent 71% of global investment (Burnett 2022).  

 Private equity firms, also known as financial sponsors, serve as the general partners to 

pool funds from limited partners, utilize a small portion of their cash and a lot of debt financing 

to acquire companies with the potential for substantial growth, get involved in the operation to 

add values with managing partners’ expertise, and exit after six years on average (Joenväärä, 

Mäkiaho and Torstilaeither 2022) by selling to other investors or an IPO.  

 Typically, private equity firms use the leveraged buyout (LBO) as their primary 

investment strategy. In an LBO acquisition, PE firms pay a portion of acquiring price with their 

cash raised from limited partners and pay the rest with debts borrowed from banks or other 

financial institutions. Then, PE firms use the cash flow generated by the target business to pay 

down the debt, and exit when the opportunity comes. There are generally three ways to make 

money in an LBO deal (Sam Shiah 2020): 

I. As the PE firms pay down the debt with cash flow from the acquired company, their 

equity ownership increases;  

II. As the PE firms improved the performance of the target or achieved synergies with 

their portfolio companies, the target can be sold at a higher multiple;  
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III. The market conditions improve, so the target companies’ valuation increase even if 

PE firms are not able to add value.  

Therefore, it is crucial to select a target company that not only has the potential to be sold 

at a higher multiple or go public through an IPO but also can generate consistent cash flows. On 

the other hand, strategic buyers or strategic investors, incumbent companies that purchase 

another company to achieve synergies, also play an important role in mergers and acquisitions 

deals and they frequently look for suitable targets to expand their own business both vertically 

and horizontally. Among all companies in the United States, the biggest strategic buyers are 

usually companies with the largest market capitalization that we are familiar with such as Apple, 

Microsoft, Amazon, etc. PE firms and strategic investors could be competitors when they pursue 

the same target company, but strategic investors can also become potential buyers of PE firms’ 

portfolio companies.  

As the primary funders of private equity firms, limited partners, usually pension funds, 

family offices, high-net-worth individuals, and insurance companies, would like to gather 

information on as many private equity funds as possible before deciding which funds they should 

invest in. However, private equity transactions are non-transparent, and it is nearly impossible 

for outside investors to find useful information on PE funds unless limited partners contact each 

fund individually and show strong interest (Snow 2007). Nevertheless, almost all the biggest 

strategic buyers are publicly traded companies that are required to file important information to 

SEC. With this unique relationship between private equity funds and strategic investors, can we 

learn more about private equity funds with information on the investment activities of strategic 

buyers? I don’t think we can know about any deal-specific information, but it is possible to have 

a big picture of where the money of private equity funds is going. In this paper, I will use 
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statistical models to find out: Do mergers and acquisitions (M&A) activities of large-cap 

corporations in the previous year affect private equity firms’ investment decisions on similar 

companies? 

My hypothesis is that mergers and acquisitions activities of large-cap companies can 

affect private equity firms’ investment decisions. After witnessing the M&A activities of large-

cap corporations, private equity funds might either increase their investments in similar 

companies as the ones being bought by big-cap companies or decrease their investments. Since 

this is the first attempt trying to answer this question, I am not sure which direction the effect 

will go, but there seem to be valid reasonings for both directions:  

I. Positive effect:  

Although IPO is a preferable exit strategy for private equity funds, selling to other 

investors is the most common exit option because IPO requires a lot of extra labor and approval 

(La Lande 2011). The big-cap companies are dominant players in their own sectors. Their 

investment decisions may jointly represent the market trends. Since almost all PE firms seek exit 

opportunities and big-cap companies could be a great choice of potential buyers, PE firms would 

acquire more similar companies so that there is a greater possibility to exit. 

II. Negative effect:  

Most of the time, big-cap companies have a much larger cash reserve and easier access to 

debt so they pay a higher multiple in general when the target is attractive (Axelson et al. 2013). 

Additionally, as strategic buyers, big-cap companies can achieve synergies after acquisition. This 

is an important factor that distinguishes private equity funds from strategic buyers. These 

potential synergies can help strategic buyers cut expenses and boost sales, which motivate them 

to pay more to acquire desired targets. On the other hand, PE funds tend to pay lower multiple to 
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acquire companies that are overlooked by strategic buyers, and then add value through 

operations. Therefore, PE funds might acquire fewer similar companies and spend more time 

finding undervalued companies instead. 

Private equity deals are risky and have a failure rate of 27% on average (Toll 2017), thus 

limited partners do not invest all of their money into private equity. Their diversified investment 

portfolios consist of stocks, fixed income, private equity, real estate, hedge funds, etc. It is 

important, especially for the interests of limited partners, to answer my research question 

because, with the results, we can know how private equity firms will allocate their funds after 

witnessing the M&A activities of big-cap companies in the previous period. If limited partners 

can have a big picture of what companies private equity firms are more likely to invest in 

advance, they can adjust their investment portfolios accordingly before making any official 

commitments. This information will also be useful for business owners that plan to sell their 

companies as they can have a rough idea on the prospect of selling. Last but not the least, this 

information help stock traders detect market singles since the increase or decrease of funding in a 

particular sector might affect stock prices.  

2. Literature Review 

 The previous works of literature primarily focused on the value creation of PE firms and 

their ability to identify high-growth targets. A group of scholars found that the return of private 

equity firms follows a J-Curve because private equity firms typically have negative returns and 

cash flows in the early stage of investment and achieve positive returns later on (Diller, Herger, 

Wulff, and Dynamics 2009). It’s also shown that the expertise brought by private equity firms 

can lead to better performance in the operation of portfolio companies (Acharya, Gottschalg, 

Hahn, and Kehoe 2013). Additionally, PE firms are capable of identifying opportunities that 
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were overlooked by strategic investors (Dittmar, Li, and Nain 2012). In terms of PE firms’ 

investment criteria, one research showed that revenue growth is the most important metric 

followed by the capability to add values, management team, and profitability (Block, Fisch, 

Vismara, and Andres 2019). However, the question of whether or not the PE firm would adjust 

its investment strategy based on what target companies big-cap corporations acquired was still 

unanswered.  

 In 2020, Kamepalli, Rajan, and Zingales proposed the idea of a “Kill Zone” for Venture 

Capital backed startup companies in the platform business. Their study showed that there is a 

significant decrease in VC funding and the number of VC-funded deals for startup companies in 

the platform business after large incumbent platforms acquire new entrants due to a reduction in 

prospective payoffs (Kamepalli, Rajan, and Zingales 2020). Although limited to platform 

businesses, this paper inspired my idea that there might be a similar phenomenon for private 

equity funds across different sectors.  

3. Data and Data Preparation 

 The data I used for this thesis paper was the SDC – Mergers and Acquisitions dataset 

collected by Thomson Reuters and Refinitiv from 2000 to 2022. This dataset is continually 

updated and I downloaded it from the Wharton Research Data Services (WRDS) website on 

September 12th, 2022. Originally, this dataset consists of 211,776 rows and 146 columns 

(population). Below is a table describing important variables in my study. I will then describe the 

analytic sample used for my research.  
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Table 1: Key Variable Names and Descriptions 
Variable Names Descriptions 
Date Announced When was the deal announced 

Target Name Names of target companies 
Acquirer Name Names of acquiring companies 
Acquirer Nation Where were the acquirers located 
Target Nation Where were targets located 

Target Public Status Was the target public or private 
Acquirer Public Status Was the acquirer public or private 

Deal is a Repurchase Flag The deal was a repurchase or not 
Enterprise Value ($mil) The enterprise value of targets 

Percentage of Shares Acquired How many percent of shares were acquired 
TR Acquirer Macro Description Primary sectors acquirers belonged to 
TR Target Macro Description Primary sectors targets belonged to 

Target Primary SIC Code SIC codes of target companies 
Acquirer Ultimate Parent Name Names of acquirers’ ultimate parent companies 

Acquirer is a Private Equity Firm 
(Yes/No Flag) Was the acquirer a private equity firm or not 

Date Effective When did the deal become effective 

Form of Transaction Was the deal a merger, acquisition, or an 
exchange offer 

Recapitalization Flag Was the deal a recapitalization or not 
Ranking Value incl Net Debt of 

Target (USD Mil) 
The total amount paid to targets including net 

debts 
Transaction is a Spinoff Flag Was the deal a Spin-off transaction or not 
Transaction is a Splitoff Flag Was the deal a Split-off transaction or not 

Deal Status Was the deal completed, rumored, pending, or 
withdrawn 

Acquirer Market Value 4 Weeks 
Prior to Announcement ($mil) 

Market values of acquiring companies 4 weeks 
prior to deal announcement 

Target Market Value 4 Weeks Prior 
to Announcement ($mil) 

Market values of target companies 4 weeks prior 
to deal announcement 

Target Net Income LTM ($mil) Net income of targets in last 12 months ($mil) 
Target Net Assets ($mil) Net assets of target companies ($mil) 

 

 For this paper, I filtered and cleaned the original dataset based on what information is 
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relevant to my area of concern. First of all, I focused my study on deals that happened in the 

United States from 2002 through 2021, including data lagged one year. I used the effective date 

instead of the announcement date because the effective date is when the agreement between two 

legal entities becomes binding. Another important factor I considered was to remove all the deals 

that could be classified as a repurchase, a recapitalization, an exchange offers, a buyback, a spin-

off, or a split-off. The logic behind this adjustment was that I only want to analyze deals that 

involve two independent parties that enter an agreement to merge, acquire, or be acquired. The 

removed types of deals (repurchase, recapitalization, exchange offer, buyback, spinoff, and split 

off) are what corporations do internally to achieve their financial objectives. Additionally, I only 

selected deals that were completed with at least 50% of shares being acquired because I do not 

want withdrawn or rumored deals and minor stake acquisitions to bias my results. The final 

cleaned sample dataset has 22,536 deals.  

 Big-cap companies play an important role in my study; therefore, it is also necessary to 

identify these companies across major business sectors. I followed the Global Industry 

Classification Standard (GICS) to divide all companies into 11 sectors: Energy, Materials, 

Industrials, Consumer Discretionary, Consumer, Staples, Healthcare, Financials, Information 

Technology, Communication Services, Utilities, and Real Estate. I checked these sectors against 

the TR Target Macro Description column of my dataset and most of them align. To obtain 

information on their size, I used data from pitchbook.com where I selected U.S. public 

companies trading either on NASDAQ or New York Stock Exchange, then ranked these 

companies based on their enterprise value. I ranked them based on enterprise values because 

target companies’ debts and cash need to be considered during an M&A, and equity values (price 

per share * shares outstanding) cannot show a full picture of the deal. The only adjustment I 
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made here was to combine energy and utilities to be one sector since there are a lot of overlaps. 

Thus, I have 10 sectors and focus on the top 20 companies within each. Below is a table listing 

the 20 largest companies I selected for each sector: 

Table 2: Sectors and Big-Cap Companies 

 
4. Methodology and Results 

 To answer my research question, I employ two methods for analysis, which are logistic 

regression, and panel data analysis. I initially attempted to do an event student analysis with 

targets’ primary Standard Industrial Classification Codes (SIC Codes), which tell us what 

specific industry this company belongs to. Two target companies are similar if they have the 

same SIC code. I would first pick a base year t and one of the ten sectors, then check what target 
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companies the big-cap firms in that sector acquire and what primary SIC codes are for their 

targets in that sector. For years t-1 and t+1, I calculated: out of all the deals that have private 

equity firms as the acquirer in that sector, how many targets are similar to the ones being 

acquired by big-cap companies in year t and what is the proportion of the total number of PE 

acquired deals? With the two proportions in year t-1 and year t+1, I could run two proportion z-

tests to check whether or not there is a significant difference. However, this study design ended 

up with an extremely small sample size that cannot be used. In a summary, the logistic regression 

showed a negative effect, whereas the panel data analysis showed a positive effect, and both 

results are significant. I will explain the results in detail in the next section.  

4.1 Logistic Regression 
 
 In this section, I will talk about the analysis using logistic regression and share its result. 

Logistic regression can be used to model the probability of an event happening. In this model, I 

want to get results that can help me learn how private equity firms adjust their investment 

strategies on target companies after knowing what big-cap companies did in the previous period. 

For my study, the dependent variable is whether or not the acquirer is a private equity fund. The 

independent variables are: 
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Table 3: Independent Variables for Logistic Regression 

Dummy Variables Description 

Target in Same Big SIC Dummy Whether or not there is an acquisition done by 

large-cap companies in the same SIC Code in 

the previous year  

Acquirer Market Value 4 Weeks Prior to 

Announcement ($mil) 

Market values of acquiring companies 4 

weeks prior to deal announcement 

Target Market Value 4 Weeks Prior to 

Announcement ($mil) 

Market values of target companies 4 weeks 

prior to deal announcement 

Target Net Income LTM ($mil) Net income of targets in last 12 months ($mil) 

Target Net Assets ($mil) Net assets of target companies ($mil) 

 
 For my research, the coefficient and significance of ‘Target in Same Big SIC Dummy’ is 

what I care about the most. It measures whether or not there is an acquisition done by large-cap 

companies in the same SIC Code in the previous year. I lagged by one year because it takes time 

for PE firms to react and it doesn’t make sense for them to witness a deal completed by large-cap 

companies and then wait more than one year to take any actions. To help illustrate: if a deal 

happened in 2019 and the target primary SIC code was 0218, and in 2018 the top 200 big-cap 

companies acquired companies with SIC Codes (1211, 0124, 3489, 2399, 1293) and let’s call 

this set A. Then the binary variable ‘Target in Same Big SIC Dummy’ = 0 in this case and = 1 

otherwise, because 0218 does not belong to set A. The coefficient of this binary variable can tell 

us how would knowing the target has the same SIC code as companies acquired by big-cap 

investors in the previous year affect the probability of the acquirer is a private equity firm.  

 The original dataset includes many deal-specific variables such as rank values, debt offer 

dummy, deal status, etc., but I did not use them because they are not helpful to answer my 

research question. In this logistic regression model, all my independent variables measure 
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company-specific metrics such as size, assets, and profitability. In the dataset, many variables are 

measuring the same metrics, so I only chose one representative variable for each important 

metric to avoid multicollinearity. I chose “Acquirer Market Value 4 Weeks Prior to 

Announcement ($mil)” to measure the size of acquiring firm, “Target Market Value 4 Weeks 

Prior to Announcement ($mil)” to measure the size of the target company, “Target Net Income 

LTM ($mil)” to measure target’s profitability, and “Target Net Assets ($mil)” to measure target 

assets vs. liabilities. These variables have a lot of missing values that I have to remove. The issue 

here is that many of the deals were conducted by private companies and these data were hard to 

find most of the time. Sometimes, the two parties of the transaction may even choose not to 

disclose any information. This issue also bothers major investment banks on Wall Street when 

analyzing private transactions. After I removed all the missing values, I only had 1,519 rows of 

data compared to 22,536 rows, but 1,519 observations are still enough to run the logistic 

regression and produce a reliable result. 

 
Equation 1: Logistic Regression Full Model 

logit(p) = ln	(
𝑝

1 − 𝑝) 	= 	β! + β"SIC + β#AMV + β$TMV + β%TNI + β&TNA 

 Equation 1 shows the full logistic regression model, where β!, 	β", 	β#, 	β$, β%, and	β& are 

the intercept and coefficients. SIC represents the Target in Same Big SIC Dummy, AMV 

represents the acquirer market value, TMV represents the target market value, TNI represents the 

target net income, and TNA represents the target net asset. First, I ran the full model and then ran 

the model again with only Target in Same Big SIC Dummy as my independent variable to show 

how including control variables would change the coefficient 	β" . Below are the results: 
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Figure 1: Logistic Regression Full Model Results 

Figure 2: Logistic Regression Model Without Control Variables Results 

 
 In the full model, Intercept, Target in Same Big SIC Dummy, Acquirer Market Value 4 

Weeks Prior to Announcement ($mil), and Target Net Income LTM ($mil) have p-values very 

close to zero, which means they are significant at the 95% confidence level. Target Market Value 

4 Weeks Prior to Announcement ($mil) and Target Net Assets ($mil) are not significant in 
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predicting whether the acquiring firm is a private equity fund. The table below shows the 

interpretation of the coefficients: 

Table 4: Interpretations of Logistic Regression Coefficients 

Coefficients Interpretations 

β! =	−0.716 The log odds value for deals that both the target and acquirer have a 

market value of zero, and the target has no net income and net asset. 

Also, the targets do not have matching SIC codes.  

β" =	−1.071 Holding all other variables at a fixed value, the odds of being a PE-

acquired deal if the target has a matching SIC code (SIC = 1) over the 

odds of being a PE acquired deal if the target does not have a matching 

SIC code (SIC = 0) is e'".!)" ≈ 0.343. In terms of percent change, we 

can say that the odds for deals with a target having a matching SIC 

code are (1 – 0.343) = 65.7% lower than the odds for deals without a 

target having a matching SIC code. 

β# = −1.684 Holding all other variables at a fixed value, for every $1 million 

increase in acquirer market value, the log-odds of being a PE-acquired 

deal decrease by 1.684. 

β$ = −4.432 × 10'* Holding all other variables at a fixed value, for every $1 million 

increase in target market value, the log-odds of being a PE-acquired 

deal decrease by 4.432 × 10'*. 

β% = 	7.222 × 10'% Holding all other variables at a fixed value, for every $1 million 

increase in target net income, the log-odds of being a PE-acquired deal 

increase by 7.222 × 10'%. 

β& = 7.321 × 10'& Holding all other variables at a fixed value, for every $1 million 

increase in target net asset, the log-odds of being a PE-acquired deal 

increase by 7.321 × 10'&. 

  
 The model with no control variables also gave us a similar coefficient as the full model 

and the result was also significant. To pick the better model, I compared the Akaike Information 

Criterion and chose the full model since its AIC = 600.37, which is smaller than the single 
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variable model’s AIC = 13468. I also calculated the Pseudo R-Squared, which measures the 

overall effect size for both models and the p-values associated with each Pseudo R-Squared 

using Chi-Squared Distribution to prove this R-Squared is significant. Table 5 summarizes the 

result. 

Table 5: Pseudo R-Squared and P-Values 

 Full Model Single Variable Model 

Pseudo R-Squared 0.2908 0.0208 

P-Value < 0.0005 < 0.0005 

  
 The Pseudo R-Squared for the full model is much higher than the Pseudo R-Squared for 

the single variable model because having only a binary variable as the independent variable will 

lower the Pseudo R-Squared as there won’t be much covariance. Both Pseudo R-Squareds are 

significant. To answer my research question, the logistic regression showed that if the target 

company is similar to the companies acquired by big-cap corporations in the previous year, this 

deal has 65.7% lower odds to be PE funded.  

4.2 Panel Data Analysis 

The second method I used is the Panel Data Analysis. In this analysis, I no longer focus 

on the SIC code of targets. Instead, I used my original dataset to create a panel dataset goes from 

2002 to 2021 (20 years) for each sector. From this analysis, I want to learn how the M&A 

activities of big-cap companies would impact private equity firms’ investment strategies on the 

sector level. The entire panel dataset consists of four columns: Sector, Year, PE Proportion, and 

Previous Big-Cap Proportion.  
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Table 6: Panel Dataset Variables and Descriptions 

Variables Descriptions 

Sector 10 sectors I used for the previous analysis 

Year From 2002 to 2021 because 2022 is not over yet 

PE Proportion (P+,-) In a particular year t and sector i, how many 

percent of the targets were acquired by a private 

equity company 

Previous Big-Cap Proportion (B+,-'") In a particular sector i and year t-1, what percent 

of companies were acquired by big-cap companies 

(the lagged value B+,-'") 

 
4.2.1 Pooled OLS 

In this section, I will discuss the Pooled OLS performed on this panel data and share the 

result. For the pooled OLS, the equation is:  

            Equation 2: Pooled OLS 

P+,- = 	βB+,-'" + 𝑒.,/ 

I have explained the variables in the table above, and 𝑒.,/ is the error term. For my study, 

β is what I care about. If beta is negative, it means after witnessing the big-cap companies’ M&A 

activities in year t-1, the PE firms actually acquire fewer companies in the same sector in year t. 

If beta is positive, it means after witnessing the big-cap companies’ M&A activities in year t-1, 

the PE firms actually acquire more companies in the same sector in year t. To be consistent with 

the logistic regression, I also used lagged one year. In table Appendix A, I shared a demo of my 

panel dataset. Here is the result of this pooled OLS regression: 
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Figure 3: Results for Pooled OLS 

 The coefficient for the Previous Big-Cap Proportion is positive, but the p-value is greater 

than 0.05. Therefore, this result is not significant at the 95% confidence level. To interpret the 

coefficient that I care about: for every 1% increase in the percentage of companies acquired by 

big-cap companies in a particular sector i and year t-1, PE firms would acquire 0.069% more 

companies in that sector in the next year. Since this coefficient is not significant, there must be 

something else I need to consider. 

 The problem here is that pooled OLS assumes that the coefficients are consistent for all 

sectors, the covariance between the independent variables and the error term is zero, and the 

error term is independently and identically distributed in (0, 𝜎0#). However, these assumptions 

are almost guaranteed to be violated in this case. First of all, it is impossible that the 10 sectors 

all have the same characteristics. For example, the consumer staples sector is very different from 

the information technology sector in so many different ways such as business models, revenue 

models, products, and marketing strategies, etc. It’s very likely that Previous Big-Cap Proportion 

(B+,-'") is significantly associated with some omitted variables. In addition to its own effect, it is 
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also reflecting the effects of omitted variables. That’s why it’s currently not significant. Then, I 

tried the fixed-effect and random-effect models to solve this problem. 

4.2.2 Fixed-Effect and Random-Effect Models  

 I first ran the model with sector fixed-effect. Here are the equation and results: 

Equation 3: Sector Fixed-Effect Regression 

P!,# = β$ + β%S% + β&S& + β'S' + β(S( + β)S) + β*S* + β+S+ + β,S, + β-S-+	γB!,#.% + 𝑒/,0 

Figure 4: Results for Sector Fixed-Effect Regression 

 In the equation, S stands for sectors. In this model, the base sector is consumer 

discretionary. SectorCS stands for the consumer staples sector. The coefficients are significant at 

the 95% level for all sectors except Materials and Industrials. The coefficient for Previous Big-

Cap Proportion is positive and significant. This coefficient also increased in magnitude and p-
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value becomes 0.00167. To interpret the coefficient that I care about: for every 1% increase in 

the percentage of companies acquired by big-cap companies in a particular sector i and year t-1, 

PE firms would acquire 0.263% more companies in that sector in the next year. The reported R-

Square is now 0.3879. When I added the sector dummy variables into the model, Previous Big-

Cap Proportion becomes significant because it doesn’t capture the effects of the omitted 

variables anymore and the coefficient only reflects its true effect. 

 Also, it is possible that private equity firms made more acquisitions over the years 

regardless of what big-cap companies did. To ensure the coefficient captures the true effect, I ran 

the fixed-effect model with sector and years. The results are captured in figure 5. The coefficient 

of Previous Big-Cap Proportion is unsurprisingly lower but still significant. It means that for 

every 1% increase in the percentage of companies acquired by big-cap companies in a particular 

sector i and year t-1, PE firms would acquire 0.159% more companies in that sector in the next 

year. With 2002 as the base year, the coefficients for 2003 to 2021 are all positive and they are 

all significant except for 2003 and 2009. This information tells us that in the past 20 years, 

private equity funds were acquiring more and more companies. In the 2022 private markets 

report, McKinsey also noted similar findings. From 2003 to 2008, private equity funding 

increased every year. The funding dropped significantly in 2009, but continued to grow soon 

afterward and became quadrupled in 2021 (McKinsey 2022).  
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Figure 5: Results for Sector and Year Fixed-Effect Regression 
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Then, I ran the random-effect model in R. Here is the result: 

Figure 6: Results for Random-Effect Regression 

 The coefficient for Previous Big-Cap Proportion is still positive and significant. I ran the 

Hausman Test to choose between both the fixed-effect models and the random-effect model. The 

null hypothesis for the Hausman test is that the preferred model is the random-effect model. We 

can safely reject the null hypothesis since p-values are nearly zero and we can conclude that the 

fixed-effect model is more appropriate. Since the pooled OLS gave us a negative R-Squared and 

an insignificant result, the results from the fixed-effect model will be used in the conclusion 

section.  

5. Conclusion 

 In the previous sections, I showed the logistic regression produced a significant result: if 

the target company has the same SIC code as the companies acquired by big-cap corporations in 
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the previous year, this deal has 65.7% lower odds to be PE funded. A possible explanation might 

be that PE firms are reluctant to compete with big-cap strategic investors for deals. Wall Street 

veteran, Jack Bloom, commented on this: “Strategic investors pay higher multiple because they 

can achieve synergies and typically, PE firms only get the deal when strategic investors don’t 

want it” (Bloom 2022). Also, it might be because acquisition done by big-cap companies implies 

that selling to a third party is more likely than IPO as an exit strategy, which means a lower 

potential ROI for PE funds. 

 On the other hand, the panel data analysis with the fixed-effect model tells us that for 

every 1% increase in the percentage of companies acquired by big-cap companies in a particular 

sector in the previous year, PE firms would acquire 0.159% more companies in that sector. A 

possible explanation for this positive effect might be that PE firms intend to acquire more 

companies in the sector that big-cap companies focused on so that their portfolio companies have 

a better possibility to be acquired as an exit strategy, especially when IPOs are difficult.  

 The coefficients I got from the logistic model and the panel data analysis have opposite 

signs. The results seem to be contradictory, but in fact, they are not. The logistic regression 

model was on SIC codes of target companies, whereas the panel data analysis is on the sector 

level, which is much broader. For example, the real estate sector alone covers more than 20 SIC 

codes. So, together, the logistic regression and panel data analysis tell us that if the big-cap 

companies made more acquisitions in a particular sector in the previous year, in the current year, 

private equity firms would acquire fewer similar companies (companies with the same SIC code), 

but would increase their investments in other companies of that sector.  

 This result can help investors, business owners, and stock traders make their investment 

decisions. From the investors’ perspective, with information on what companies big-cap 
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corporations acquired last year, they can have a big picture of how private equity firms would 

allocate their money this year. PE funds would invest in fewer similar companies as the ones 

acquired by big-cap companies last year but would invest more in other companies that were not 

looked at by big-cap investors in that same sector. If investors found their interests align with PE 

funds, they can make commitments to invest. Otherwise, investors can adjust their investment 

portfolios accordingly. From the perspective of business owners, if their companies have the 

same SIC codes as companies acquired by big-cap companies last year, their businesses are less 

likely to be acquired by PE firms this year. In terms of finding potential buyers, they should 

spend more time contacting strategic investors or venture capital firms instead of private equity 

firms. For stock traders, this information can indicate the increase or decrease of funding in a 

particular sector, which might affect stock prices.  
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Appendix A: Demo of the Panel Dataset for Pooled OLS 

 

 

 

Sector Year PE_Proportion
Energy and Power 2002 0.010152284
Energy and Power 2003 0.023255814
Energy and Power 2004 0.048
Energy and Power 2005 0.071428571
Energy and Power 2006 0.036363636
Energy and Power 2007 0.067961165
Energy and Power 2008 0.046153846
Energy and Power 2009 0.024390244
Energy and Power 2010 0.017857143
Energy and Power 2011 0.09375
Energy and Power 2012 0.046511628
Energy and Power 2013 0.022727273
Energy and Power 2014 0.1
Energy and Power 2015 0.083333333
Energy and Power 2016 0.052631579
Energy and Power 2017 0.15625
Energy and Power 2018 0.242424242
Energy and Power 2019 0.25
Energy and Power 2020 0.105263158
Energy and Power 2021 0.107142857

Materials 2002 0.045454545
Materials 2003 0.170212766
Materials 2004 0.178571429
Materials 2005 0.223529412
Materials 2006 0.205357143
Materials 2007 0.120689655
Materials 2008 0.171052632
Materials 2009 0.162790698
Materials 2010 0.242424242
Materials 2011 0.166666667
Materials 2012 0.254901961
Materials 2013 0.166666667
Materials 2014 0.208955224
Materials 2015 0.163265306
Materials 2016 0.166666667
Materials 2017 0.131578947
Materials 2018 0.236363636
Materials 2019 0.290322581
Materials 2020 0.260869565
Materials 2021 0.24137931

Industrials 2002 0.068181818
Industrials 2003 0.116959064
Industrials 2004 0.152631579
Industrials 2005 0.148717949
Industrials 2006 0.164556962
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